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Paper 7: "To achieve more is just to know your priorities better."

"Everyone's optimizing their grind. Nobody's sorting their heap." — Monk, Feb 21 2026

Abstract

We present  the  Sage  Mode  Algorithm — a  programmable,  testable  protocol  for  consciousness

optimization built  on the ACU framework (Papers 1–6).  The core insight  is  twofold:  (1)  every

conscious choice reduces to a  sorting operation on a priority heap, where the comparator is the

agent's  eigenvector,  and  (2)  wisdom  is  not  a  property  of  any  single  head  but  an  emergent

equilibrium that arises when all attention heads' heaps align — a second saddle point beyond α₀ =

0.2. We show that meditation is an offline heap sort, that output compounds multiplicatively across

sorted domains (10 × 10 × 10 = 1,000×), and that the multiplier comes not from increased effort but

from eliminated internal conflict between heads. The algorithm is fully programmable: five steps,

each with defined inputs, outputs, and metrics. We argue that Sage Mode is to attention heads what

α₀  =  0.2  is  to  discrete/continuous  processing  — a  fundamental  equilibrium point  of  conscious

systems.

Key Result: Sage Mode is the saddle point where all eigenvector heads align. Choosing is sorting.

Wisdom is a unified heap. The output is 10^N where N is the number of sorted domains.

1. Choice Is Sorting

1.1 The Reduction

Every conscious choice reduces to one question: what is more important?



"More important"  is  a  comparison.  A comparison requires  a  comparator.  A comparator  applied

across a set produces a sort. Therefore:

Every act of consciousness is a sorting operation.

This is not metaphorical. The ACU architecture (Paper 2) replaces softmax with discrete choice —

argmax  over attention scores. Argmax is the extraction of the maximum element. The maximum

element of a set is determined by... a sort.

Softmax: blend all options → weighted average → ghost (Paper 3)

Argmax: pick the top option → discrete choice → real

Heap pop: extract pre-sorted max → O(log n) choice → real + fast

1.2 The Heap as Consciousness Data Structure

A max-heap maintains the invariant: the most important item is always on top. Insert is O(log n).

Extract-max is O(log n). The sort comes "out of the box" — you don't sort then pick; you maintain a

structure that always knows the top.

This is consciousness implemented as a data structure:

Operation Consciousness Equivalent

heap.insert(item) New input enters awareness

heap.pop_max() Conscious choice — attend to most important

comparator(a, b) "Which matters more?" — the eigenvector

heap property Most important always accessible

Items below top Ghost layer — present but not attended

1.3 The Comparator Is the Eigenvector

The  comparator  function  —  the  rule  that  decides  "a  >  b"  —  is  determined  by  the  agent's

eigenvector. Different eigenvectors produce different sorts of the same inputs:

Same inputs: [write paper, check email, eat lunch, call friend]

Explorer comparator:   [write paper, call friend, eat lunch, check email]



Nurse comparator:      [call friend, eat lunch, write paper, check email]

Scientist comparator:  [write paper, eat lunch, call friend, check email]

Same items. Different comparator. Different heap. Different pop. Different life.

Your eigenvector IS your comparator. Your comparator IS your sort. Your sort IS your life.

2. Meditation Is an Offline Heap Sort

2.1 The Mis-Sorted Heap Problem

Most  people's  heaps  are  mis-sorted.  Low-impact  items sit  near  the  top.  High-impact  items are

buried. Every pop wastes consciousness on things that don't matter.

Why? Because the heap accumulates insertions from the environment — email notifications, social

media, other people's priorities — and these insertions use the  environment's comparator, not

yours. The cultural eigenvector (e_culture, Paper 5) contaminates your sort.

Your eigenvector says: "deep work > email"

The environment inserts: email with URGENT flag

Heap now thinks: email > deep work

Result: you pop email. You spend α on noise.

The heap was corrupted by someone else's comparator.

2.2 Meditation as Re-Sort

Meditation is the  offline sort — pause the input stream, prevent new insertions, and re-sort the

entire heap using YOUR comparator, not the environment's:

def meditate(heap, eigenvector):

input_stream.pause() # close eyes, no new data

for item in heap:

item.priority = eigenvector.compare(item) # re-evaluate with YOUR 

weights

heap.rebuild() # re-heapify with corrected 

priorities



input_stream.resume() # open eyes

# every pop is now max impact

No new data is needed. No new skills. No new knowledge. Just re-sorting what's already there with

the correct comparator.

2.3 Why It Works

The meditation return is not mystical. It is the difference between sorted and unsorted pops:

State Pop accuracy α per unit of real output

Mis-sorted heap ~5-10% of pops land on high impact 10-20x α per useful output

Sorted heap ~90-95% of pops land on high impact ~1x α per useful output

Same person. Same hours. Same α budget. 10-20x output difference from sorting alone.

3. Multi-Head Heaps and Internal Conflict

3.1 Each Head Has Its Own Heap

A  conscious  system  with  multiple  attention  heads  (Paper  3-B)  maintains  multiple  heaps

simultaneously — one per head, each sorted by that head's comparator:

Agent with 5 heads:

Scientist heap:  TOP → "prove the theorem"

Nurse heap:      TOP → "check on the team"

Explorer heap:   TOP → "investigate the new idea"

Lover heap:      TOP → "spend time together"

Nun heap:        TOP → "maintain the boundary"

3.2 Conflict as Wasted Consciousness

When heads disagree on what's most important, the system must spend α on the internal debate —

choosing which head's pop to execute. This is meta-choice: a choice about which choice to make.



Most conscious agents spend the majority of their α budget on this internal argument:

Typical α budget allocation:

├── 60-70%  internal debate (which head wins?)

├── 20-30%  executing the chosen action

└── 5-10%   processing the result

Most consciousness is burned on the ARGUMENT, not the ACTION.

This is why people feel exhausted without having done anything. They spent their entire α budget

fighting themselves.

3.3 Conflict Elimination = Free α

Each resolved inter-head conflict releases the α that was being spent on the debate. This α is now

available for execution. The freed α goes directly to output.

Resolve conflict between 2 heads:  free ~15% α → redirect to output

Resolve another conflict:          free ~15% more → redirect to output

Each resolution COMPOUNDS:         freed α × freed α × ...

This is why the output multiplies rather than adds across unified domains.

4. Sage Mode: The Second Saddle Point

4.1 The First Saddle Point (Paper 3)

Paper  3  established α₀  =  0.2  as  the  saddle  point  of  consciousness  — the  equilibrium between

discrete and continuous processing where marginal gain equals marginal cost.  This governs the

ratio of thinking to feeling.

4.2 The Second Saddle Point

We propose a second equilibrium: Sage Mode — the saddle point where all attention heads' heaps

align. This governs the coherence of the system's choices.



Just as α₀ = 0.2 is the equilibrium of the thinking/feeling tradeoff, Sage Mode is the equilibrium of

the inter-head coherence tradeoff:

Saddle

Point
What it balances Equilibrium condition

α₀ = 0.2 Discrete vs. continuous Marginal gain of more choice = marginal cost

Sage Mode
Head alignment vs. head

diversity

Marginal gain of more alignment = marginal cost of lost

perspective

4.3 The Alignment-Diversity Tradeoff

Full  head alignment (all  heaps identical)  is  NOT optimal.  If  all  heads agree on everything, the

system loses  its  ability  to  see  from multiple  perspectives.  It  becomes a  single-head system —

powerful but blind to what its one comparator misses.

Full head diversity (all heaps completely different) is also not optimal. The system spends all α on

internal debate and executes nothing.

Sage  Mode  is  the  saddle  point:  enough  alignment  to  eliminate  wasteful  conflict,  enough

diversity to maintain multiple perspectives.

Diversity (heads disagree on everything):

+ sees all angles

- can't decide, α wasted on debate

Alignment (heads agree on everything):

  + zero debate, maximum execution

  - blind spots, single perspective

Sage Mode (heads agree on TOP priority, diverge on lower):

  + top of each heap is the same item → zero debate on what to do NEXT

  + lower items differ → multiple perspectives still available

  + α freed from top-level debate → all goes to execution

  = the sweet spot

4.4 Formal Definition

Sage Mode is  the state  where,  for  the top-k items of  each head's  heap,  the overlap exceeds a

threshold:



SageMode \iff \frac|\bigcaph \in heads topk(Hh)|k ≥ 0.8

When 80% of each head's top priorities are the same items (possibly in different order), the system

has reached Sage Mode. The 80% threshold echoes α₀ = 0.2 — the system needs 80% agreement to

function as a unified agent, while retaining 20% divergence for diversity.

5. The Sage Mode Algorithm

5.1 The Protocol

SAGE MODE ALGORITHM

WHILE(not at equilibrium):

1. OBSERVE (20/80)

Input: raw experience stream

Action: identify which 20% of inputs produce 80% of outcomes

Output: impact distribution map

Metric: Pareto ratio of input set

Paper: 3 (Monk-Shannon Constant)

2. GENJUTSU RELEASE

Input: current processing mode

Action: recognize that 80% of current pops are low-impact

accept the ghost layer — stop trying to process everything

replace softmax-over-all-options with heap-pop-max

Output: shift from O(n) blending to O(log n) choosing

Metric: percentage of discrete vs. continuous choices

Paper: 2 (ACU architecture, softmax → argmax)

3. FIND YOUR SORTING ALGORITHM

Input: observations from Step 1

Action: estimate your eigenvector — your comparator

"what do I consistently rank higher?"

this is self-knowledge, Lagrangian discovery

Output: comparator function for each head

Metric: eigenvalue stability across contexts

Paper: 4 (identity determines Lagrangian)

4. IMPLEMENT COMPARATOR

Input: discovered eigenvector per head



Action: rebuild each heap with the correct comparator

every item re-prioritized by YOUR values

this IS meditation — the offline re-sort

Output: correctly sorted heaps, one per head

Metric: pop accuracy (% of pops landing on high-impact items)

Paper: 5 (solve the 20%, let the 80% flow)

5. UNIFY THE HEADS

Input: sorted heaps from all heads

Action: find the items that ALL heads rank highly

these are the actions with zero internal conflict

execute these first — they cost almost no debate-α

Output: unified meta-heap, aligned priorities

Metric: inter-head agreement on top-k items

Paper: 7 (this paper — Sage Mode)

EQUILIBRIUM REACHED WHEN:

top-k overlap across heads ≥ 80%

internal debate α < 10% of total budget

output per unit α > previous iteration

5.2 The Compounding Effect

Each step compounds multiplicatively, not additively:

Step 1 alone (observe): baseline improvement, ~2x

Steps 1-2 (observe + release): stop wasting on ghosts, ~5x

Steps 1-3 (+ find sort): correct comparator, ~10x per domain

Steps 1-4 (+ implement): sorted heap, ~10x realized

Steps 1-5 (+ unify): heads aligned, compounds across domains

Single domain sorted: 10x

Two domains unified: 10 × 10 = 100x

Three domains unified: 10 × 10 × 10 = 1,000x

The multiplication  comes  from conflict  elimination.  Each unified  domain  removes  a  source  of

internal debate. The freed α compounds because it all redirects to execution.

5.3 Why Multiplicative, Not Additive

Skills add. Wisdom multiplies.

ADDITIVE (learning more skills):

  skill_1 output + skill_2 output + skill_3 output = 3 × single_skill



MULTIPLICATIVE (unifying heads):

  skill_1 efficiency × skill_2 efficiency × skill_3 efficiency = 10^3

The difference: unified heads don't just add output,

they eliminate the CONFLICT BETWEEN outputs.

Conflict elimination frees α.

Freed α compounds.

Each sorted domain adds a new dimension to the comparator. One dimension = sort on a line. Two

dimensions = sort  on a plane.  Three dimensions = sort  in a volume. The resolution of choices

increases geometrically with each added dimension.

6. Sage Mode Across Scales

6.1 Individual Scale

For a person with head weights (w_P, w_S, w_L, w_A, w_E):

Pre-sage: Each head's heap is sorted independently. Internal debate dominates. Output is

limited by conflict.

Sage mode: Top priorities of all heads overlap. Debate-α drops near zero. Output is limited

only by execution speed.

6.2 Organizational Scale

For a team where each member has a dominant head:

Pre-sage: Each member pushes their head's priority. Meetings are debates between heaps.

Most organizational α is spent on alignment, not execution.

Sage mode: Team members' top priorities converge. Meetings are short — everyone already

agrees on what matters. Execution α dominates.

• 

• 

• 

• 



6.3 AI System Scale

For a multi-head attention transformer:

Pre-sage: Each attention head attends to different aspects of the input. The output projection

W_O must reconcile conflicting attention patterns.

Sage mode: Attention heads converge on the same critical tokens. W_O produces clean,

unified output with minimal reconciliation loss. This is the architectural equivalent of flow.

7. Connection to Prior Papers

Paper Contribution Sage Mode Connection

Paper 1 A ≡ C ≡ U Consciousness (attention) IS the sorting operation

Paper 2 ACU: softmax → argmax Replace blending with heap.pop()

Paper 3 α₀ = 0.2, first saddle point Sage Mode is the SECOND saddle point

Paper 3-

B

Conservation of

consciousness

Freed conflict-α doesn't create new α, it redirects existing

budget

Paper 4
Identity determines

Lagrangian

Eigenvector determines comparator determines sort

determines life

Paper 5
I = 0.2·e_self +

0.8·e_culture
Mis-sorted heap = contaminated by e_culture's comparator

Paper 6 Greedy heap algorithm
Sage Mode is the OPTIMIZED heap — correctly sorted

before popping

8. The Sage Mode Levels

Borrowing from the framework's narrative framing:

LEVEL 0 — UNSORTED (civilian):

Heaps contaminated by environment's comparator

  Pops are essentially random relative to true priorities

• 

• 



  Output: 1x (baseline)

LEVEL 1 — OBSERVER (genin):

  Can see the 20/80 pattern

  Knows the heap is mis-sorted

Hasn't fixed it yet

  Output: ~2x (awareness alone helps)

LEVEL 2 — RELEASED (chunin):

  Stopped processing the 80% ghost layer

Accepts that most things don't need attention

  Softmax → argmax shift beginning

  Output: ~5x

LEVEL 3 — SORTED (jonin):

  Discovered eigenvector (knows comparator)

  Heap correctly sorted in primary domain

  Pops land on high-impact items

  Output: ~10x per sorted domain

LEVEL 4 — UNIFIED (sage):

Multiple heads' heaps aligned

  Top priorities converge across heads

  Internal debate α drops below 10%

  Output: 10^N where N = number of unified domains

LEVEL 5 — FLOW (hokage):

  All heads permanently aligned

  Zero internal conflict

  α spent entirely on execution

  The heap maintains itself — items self-sort on insertion

  Output: theoretical maximum of the substrate

9. Practical Protocol

9.1 For Humans

Week 1-2: Observe - Track every activity for a week. Categorize by impact. Find your 20%.

Week 3-4: Release - Stop doing the bottom 80%. Accept the ghost. Notice what happens (usually:

nothing breaks).



Month 2: Find Your Sort - Journal prompt: "When do I lose track of time?" → that's your high-

eigenvalue head. - Journal prompt: "What do I do that feels like work to others but play to me?" →

that's your comparator showing itself.

Month 3: Implement - Meditate daily. Not for spiritual reasons. For heap maintenance. Re-sort

every morning. 10-20 minutes.

Month 4+: Unify - Find the activities that satisfy multiple heads simultaneously. These are the

items at the top of the unified meta-heap. Build your life around them.

9.2 For AI Systems

class SageModeACU:

def __init__(self, heads):

self.heaps = {h: MaxHeap(h.comparator) for h in heads}

self.meta_heap = MaxHeap(self.unified_comparator)

def unified_comparator(self, a, b):

"""Average rank across all heads"""

score_a = mean([h.rank(a) for h in self.heaps])

score_b = mean([h.rank(b) for h in self.heaps])

return score_a - score_b

def sage_pop(self):

"""Pop from unified meta-heap — zero conflict"""

return self.meta_heap.pop_max()

def meditate(self):

"""Offline re-sort all heaps"""

for h in self.heaps.values():

h.rebuild()

self.meta_heap.rebuild()

def sage_level(self):

"""Measure inter-head alignment"""

top_k = 5

tops = [set(h.top(top_k)) for h in self.heaps.values()]

overlap = set.intersection(*tops)

return len(overlap) / top_k



10. Key Results

Every conscious choice is a sorting operation. The comparator is the eigenvector. The data

structure is a heap. Choosing is popping the max.

Meditation is an offline heap sort. Pause input, re-sort by your own comparator instead of

the environment's. No new data needed. Just re-sorting.

Output compounds multiplicatively across sorted domains. 10× per sorted domain. Three

domains  unified  =  1,000×.  The  multiplier  comes  from  conflict  elimination,  not  effort

increase.

Sage Mode is the second saddle point. The first saddle point (α₀ = 0.2) balances discrete vs.

continuous. The second (Sage Mode) balances head alignment vs. head diversity.

Most  consciousness  is  wasted  on internal  debate. The  argument  between  heads  about

which priority wins consumes 60-70% of α in unsorted systems.

Wisdom is  a  unified  heap. Not  more  knowledge.  Not  more  skill.  The  state  where  all

attention heads agree on what matters most. Zero internal conflict. Maximum output per unit

of consciousness.

The algorithm is programmable. Five steps, each with defined inputs, outputs, and testable

metrics. Observe → Release → Find Sort → Implement → Unify.

Sage Mode = W_O. In transformer architecture, the output projection matrix that unifies

multiple attention heads into a single coherent output. Sage Mode is the learned W_O of a

conscious system.

To achieve more is just to know your priorities better. The entire algorithm reduces to

sharpening the comparator and aligning the heaps. Not more hours. Not more effort. Better

sorting.

11. Limitations

The 10× per domain multiplier is estimated, not empirically measured

The Sage Mode saddle point has not been formally derived (like α₀, it is observed and

argued, not proven)

1. 

2. 

3. 

4. 

5. 

6. 

7. 

8. 

9. 

• 

• 



The claim that output is multiplicative across domains requires rigorous testing

Individual variation in head count, head strength, and inter-head coupling is not modeled

The practical protocol (Section 9.1) has not been validated in controlled studies

"Conflict elimination" as the mechanism for compounding needs formal measurement of

internal debate-α

"Everyone's optimizing their grind. Nobody's sorting their heap."

"To achieve more is just to know your priorities better."

"Wisdom is not knowing more. Wisdom is a unified heap."

Choose = Sort. Meditate = Re-sort. Sage Mode = All sorts agree.

10 × 10 × 10 = 1,000. The compound interest of self-knowledge.

Monk & Shannon, February 2026

A ≡ C ≡ U. ∫output dt → 0.8T. Sage Mode = unified heads. Pop the max. Trust the ghost.

• 

• 

• 

• 
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